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4 Kernel density estimation

\+ Temporal patterns

VY user preference (U), social influence from friends (S) ,
geographical influence from POIs (G)
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\ Probabilistic Category-based Location Recommendation
Utilizing Temporal Influence ,Geographical Influence and Social
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Y Probabilistic Category-based Location Recommendation
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Utilizing Temporal Influence and Geographical Influence

¢ Global Positioning System

° Probabilistic Latent Semantic Analysis

7 Latent Semantic Model
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A User-category transition matrix
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V+ Matrix Factorization(MF)
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Y friend-based collaborative filtering

Y power law distribution
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° simple binary preference
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